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Leage = Z(Bij — Xij)?
ij

o bij — bi_1,

J bij — bij—q

X generated image.

b: original content image.
Bij: direction/tangent of the gradient of b at (1, ])
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This project aims at making fashion design accessible for everyone. Girls can add
desired fashion elements to their daily photos. Combining with the advance of 3D
printing, It has the potential to unleash people's creativity and the pursuit of aesthetics.
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