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Problem: Challenges: None-rigid deformations

How to achieve accurate fashion image understanding? Larger spatial variances
Larger appearance variances
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Fashion Landmark is Discriminative Representation ~our benchmarks are developed using
the DeepFashion database, including

~Full Image ~Bounding Box Human Joints —~Fashion Landmarks Attribute Prediction, Consumer-to-
* shop Clothes Retrieval, In-shop
Clothes Retrieval, and Landmark
Detection.
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Fashion Landmark Detection
Benchmark evaluates the performance
of fashion landmark detection. It
contains:

* 123,016 number of clothes images; !| " e t,g(;:’;;f. Upper-body Lower-body Full-body
« 8 fashion landmarks (both location ! === & - , el - 38.19%
R ] . Lty RS UL 30000 25 1%
and visibility) for each image; o 175% .
# Retrieved Images (k =1, ..., 50) « Each image is also annotated 10000 I 7.6% .
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type and variation type.
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Pseudo-Labels Pseudo-Labels Pseudo-Labels
(landmark configurations) (local landmark offsets) (contextual landmark offsets) memmmmmmme—me——eeeeeeemeee——. Fashion landmark detection ______________________________
DeepPose DeepPose DFA DFA DFA
(stage 1) (full model) (stage 1) (stage 2)

Three properties:

direct  + p.-label direct + two- +auto-  + p.-labels + p.-label
' o labels |rec. p.-labels |rec. WO au.o p.-labels  + p.-labels 1. Deep cascade
Component regression regression  (offset) iregression branch routing (offset)  (c.offset)
Pseudo-labels
Avg. normalized error 102 .084 .078 074 .073 072 .070 .069 .068
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DeepPose (stage 3)
B DFA (stage 3)
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upper-body lower-body full-body
: ﬁ . : DeepPose (stage 1) .
; : : | - - -DFA (stage 1)

10 15 20 ‘ 0 15 20 25 %5 10 15 20 25 Normal ~ MediumPose Large Pose Medium Zoom Large Zoom
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Performance on different fashion landmarks and different clothing types  on different evaluation subsets DeepFashion dataset Is available at
http://mmlab.ie.cuhk.edu.hk/projects/DeepFashion/LandmarkDetection.html
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